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Who is the tax authority in the 
future ?
Humans and/or AI ?
What happens in the black 
box?



Acceptance, trust and perception of 
fairness by citizens and administrators
• Fairness has become a key element in developing algorithmic systems 

(input, process or output)

• Perceived fairness fuels satisfaction and trust

• Trustworthiness of AI depends strongly on perceived algorithmic fairness (= 
decisions are not producing unjust, discriminatory or disparate 
consequences)

• Human-in-the loop (information, explanation, 
correction of errors) and

• society-in-the-loop (consideration of social and societal questions) 
approach is necessary 



Type of audit: field, office or 
correspondence

TAS, 2018



Selection of participants

• The treated respondents in our sample were audited for at least one of the returns they filed 
between tax years 2010 through 2015. 

• N = 1,317 (although there were 1,362 treated respondents in the survey, the latest matched 
sample includes only 1,317 treated respondents, because a good match could not be found for 45 
cases).

• Both treatments and controls had to file at least four returns chronologically for the tax years 
corresponding to t = -1, 0, 1, and 2 (where the tax year corresponding to t = 0 refers to the tax 
year of the return filed by the treated respondent that was audited). In addition they each had to 
have filed a Schedule C for the tax years corresponding to t = -1, 0, and 1.

• Matching: controls were matched to treatments based on the similarity of both the likelihood of a 
face-to-face audit and the likelihood of a correspondence audit for the tax year corresponding to 
t=0 for the treated respondent (i.e., the year of the audited return for which the treated 
respondent was sampled). In some cases, treated taxpayers were audited for more than one tax 
year between TY2007 and TY2015. In the vast majority of cases where there was more than one 
audit of a treated respondent, the audit corresponding to t=0 represents the most recent audit.



Audits, Identity Theft Investigations, and Taxpayer Attitudes:
Evidence from a National Survey (2017)

https://taxpayeradvocate.irs.gov/Media/Default/Documents/2017-ARC/ARC17_Volume2_05_AuditsIDtp.pdf
Matthias Kasper, Sebastian Beer, Erich Kirchler & Brian Erard 

Socio-economic and demographic characteristics of audited and non-audited Schedule C 
taxpayers, wage earners and potential ID theft victims

Schedule C Wage
audited not audited earners ID Theft

N 1,363 1,366 400 357
Sex: Male 839 870 211 204      

Female 524 494 189 153
Age: Mean 57.41 56.85 50.75 44.78

SD 12.44 12.95 17.04 15.05
Education:

Elementary/some high school 49 46 12 20
High school graduate 196 220 88 73
Some college/graduate 732 596 233 200
Post-graduate work 353 271 61 56
Vocational school 21 26 4 5
Not sure/refused 12 7 2 3

Employment status
Working part-time 226 197 54 52
Working full-time 836 796 210 217
Not working 301 373 136 88

454 field 
453 office
466 correspondence

503 additional adjustment
493 no adjustment
257 refund



Survey scales Description
Audit probability Perceived audit probability
Fines Perceived severity of fines for noncompliance
Tax knowledge Subjective competence when filing taxes
Attitudes General attitude towards paying taxes
Motivation Subjective motivation to comply (obligation vs. contribution to society)

Justice 
Procedural justice Perceived justice in IRS procedures (e.g. audit, ID theft)
Informational justice Perceived transparency in communications with IRS
Interpersonal justice Perceived fairness of treatment by IRS employees
Distributive justice Perceived fairness of outcomes of IRS procedures (e.g. audit, ID theft)

Social norms Perceived compliance levels of other taxpayers
Coercive power IRS enforcement capacity
Legitimate power Legitimacy of enforcement
Trust Trust in the IRS
Emotions 

Fear Fear of the IRS
Anger Anger on the IRS
Caution Feeling cautious regarding the IRS
Threat Feeling threatened by the IRS
Protection Feeling protected by the IRS

Enforced compliance Compliance out of fear for punishment
Voluntary compliance Compliance out of moral obligation
Thought about cheating Have taxpayers thought about cheating?

US - Survey study 2017



Audit outcome

Positive 
adjustment

No 
adjustment

Refund Total

Audit type yes no yes no yes no yes No

Field n 150 52 128 54 46 24 324 130

% 74.3 25.7 70.3 29.7 65.7 34.3 67.0 33.0

Office n 135 65 132 36 67 18 334 119

% 67.2 32.8 78.6 21.4 78.8 21.2 73.7 26.3

Corres-
pondence

n 99 102 49 104 29 73 177 289

% 49.3 50.7 32.0 68.0 28.4 71.6 38.8 61.2

Total N 384 219 309 194 142 115 835 528

% 63.7 36.3 61.4 38.6 55.3 44.7 61.3 38.7

Awareness of audit by audit type and outcome 
(Schedule C taxpayers)

Audit outcome

Audit awareness



https://taxpayeradvocate.irs.gov/Media/Default/Documents/2017-
ARC/ARC17_Volume2_05_AuditsIDtp.pdf

Matthias Kasper, Sebastian Beer, Erich Kirchler & Brian Erard 

TAS Annual Report 2017 and 2018 (US - Survey)

What happens after face-to-face (field, office) and 
correspondence audits ?

What happens after learning about outcomes (positive 
adjustment, no-adjustment, refund) ?
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●Thoughts about cheating
Voluntary compliance
Enforced compliance

Protection
Threat

Caution
Anger

Fear
Trust

Legitimate power
Coercive power

Social norms
Distributive justice

Interpersonal justice
Informational justice

Procedural justice
Motivation

Attitudes
Tax knowledge

Fines
Detection probability

Audit probability

1 2 3 4 5 6 7 8 9
Mean

● Cluster 1 Cluster 2 Cluster 3Cluster analysis with survey 
data

Clusters
1 Positive (trusting, voluntary compliant)2 Medium (caution, fear)3 Negative (angry, enforced compliant)



46.2

34.8

19,1

Audit

Cluster 1 Cluster 2 Cluster 3

43.1

40,0

16.9

No audit

Cluster 1 Cluster 2 Cluster 3

Clusters
N = 1,317 audited taxpayers and N = 1,317 matched non-audited taxpayers
Cluster 1 (N = 567 no-audit, N = 608 audit) = medium positive attitudes
Cluster 2 (N = 527 no-audit, N = 458 audit) = positive attitudes
Cluster 3 (N = 223 no-audit, N = 251 audit) = negative attitudes

negative 
(anger)

positive

medium 
(fear)

Audited sample: minus 5.2% in the positive cluster

Migration: 5,2%



44,0

38.9

17.1

FA

40.5

40.3

19.2

OA

44.7

40.9

14.4

CO

Audit type

No audit

47.2

35.6

17.1

FA

47.5

34.2

18.3

OA

43.8

34.5

21.7

CO

Audit
N = 1,317 audited taxpayers
N = 432 field audits
N = 442 office audits
N = 443 correspondence audits

N = 1,317 matched 
non-audited taxpayers
N = 432 field audits
N = 442 office audits
N = 443 correspondence audits

Note: FA field audit, OA office audit, CO correspondence audit

Minus 6.4 % Minus 6.1 % Minus 3.3 % 

Plus 7.3 % Minus 0.9 % Plus 0 % 



Conclusion

The nature of the examination process has implications for taxpayer 
perceptions of fairness. Correspondence audits tend to be more impersonal 
than face-to-face audits, and they tend to focus more narrowly on one or 
two specific reporting issues on the return. Face-to-face audits have a more 
positive effect on attitudes and perception of fairness.

Parks, C. D., Joireman, J. & Van Lange, P. A. M. (2013):
„… authorities are often associated with structural solutions, such as 
sanctioning free riding and rewarding cooperative action, 

and trust is often associated with interpersonal relations. But like trust 
among people, trust between people and institutions (institutional trust) is 
crucial for the acceptance of rewards and punishment. 



Conclusion and AI suggestions

Daniel Kahneman's comprehensive understanding of the human psyche 
paints a multifaceted picture of the role that AI can play in decision-making:

• Complementing human intuition: AI could provide support where human 
thinking reaches its limits - be it when processing large amounts of data or 
recognizing patterns that remain hidden to the human eye.

• Corrective of human biases: Through carefully developed algorithms, AI 
could help compensate for human biases, leading to more rational 
decisions.

• Tool for decision makers: AI offers the opportunity to provide decision 
makers with data and analysis that enables more informed and less biased 
decision making.


